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Neiral Network-Based Adaptive Sliding Model Control
of Uncertain Manipul ators

NIU Yu—gang', ZHAO Jianong’, YANG Cheng-wu'
(L. Office810, Nanjing University of science& technology, Nanjing 210094, China;
2. Mathematics Office, Hebei University of agriculture, Baoding 071000, China)
Abstract  An adaptive sliding model control scheme based on neural networks is proposed according to the tracking
control of uncertain robotmanipulators is this paper. The control scheme uses the nonlinear uncertainty of a RBF
neural network approximation system, and then eliminates the effects of network approcximation errors and external
disturbances with the help of a sliding model controller, which can guarantee the stability of a closed loop system and
the asymptotic convergence of system tracking errors.
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